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Imagine if starting on day 1, you could know
what are the chances for each student to drop
out? What would you do?

Imagine if you could predict if a student might
fail an online course?

Our Al solutions help you solve these problems.




Through Machine Learning and Al
Solutions we empower educational
institutions to increase their students’
success rate.

RETENTION - ATTRACTION —STUDENT SUCCESS



“The Admissions Optimizer
Solution has helped us drastically
optimize Recruitment [...]

inscriptions have gone
up close to 10%”

Michel Reynaud, Strategic Planning Director
— UVM & UNITEC *




Prior Learning Analyzer —
@ Ensuring students get credit for their life and
work experiences.

Discover -
LJ Aligning content with goals, objectives, and
v competencies.

Financial Aid Abuse Analyzer -
® Detecting bad actors who are attempting to

misuse the system.

Foresight -
Improving retention and learning outcomes.

Career Planner—
Helping students visualize and achieve their dreams.

Admissions Optimizer -
Developing the admissions funnel and identifying

at-risk students early.

Our set of Solutions
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Creating Success at the Outset




Value
proposition:
Optimize the
conversion
rate of your
recruitment
campaigns.

* We integrate information from your
CRM and marketing automation systems
to understand the drivers of the
recruitment process and predict which
prospects are most likely to be admitted
and enrolled.



The aamissions
Funne

*  Which prospects are most likely to convert?
e  Will students who are admitted persist?*

 Whether selective or open admissions, all
institutions struggle with these basic questions.

*When Foresight Risk™ is included.



Administrative Considerations

Which prospects will be the
most likely to convert? How Which students will require How can these problems be

can admissions resources be additional support(s)? What addressed in a cost-effective
best allocated to focus on will these supports consist of? manner?
these prospects?




Admissions Optimizer™

@ v

CREATE TARGETED OPTIMIZE PROSPECT SELECTION. IDENTIFY INCOMING STUDENTS
RECRUITMENT CAMPAIGNS. WHO NEED SUPPORT.
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How does it Work?
. Cohort Analysis - Risk, Commitment & Personality

YEFERSON RIKI g (Plusieurs sélections) e

.
In this report each teacher can visualize information for specific courses by using the filters of the top of the page. The
a I I l p a I g I l information that can be visualized describes the students of the course. To view the information of a particular student,

37 simply select it from the list on the left.
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Powering the Admissions Process

Strategic dashboards: administrators can Tactical dashboards: allows institutions to
see, at a glance, the factors influencing the target recruitment candidates and identify
application funnel and success post- students who may struggle from the start
admission. of their academic careers.
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How does it work?

Input

Student Profile
Student Involvement
Payment information
Grades / Assistance

On line
Admission Steps

Machine Learning
Predictive Model

Output

Admissions Optimizer




Avg. Schedule and Business Model

Implementation
e ¥14-16 weeks

Yearly Subscription
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* By combiningMachine Learning,
Al, Cognitive Science, and years of
work in Higher Education, we
provide the solutions that make
students and institutions
successful.




Thank you, we look forward to
further discuss this
presentation with you.

Phil Ice phil.ice@analytikus.com

Miguel Molina-Cosculluela: mmolina@analytikus.com

Armando Alvarez aalvarez@analytikus.com
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